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Abstract It is desired to construct a digital twin that can sense objects such as people and objects in the real
world and represent them in the virtual world in real time. In our previous work, we developed an object recognition
method based on the Bayesian attractor model (BAM), which mimics the information processing of the human brain.
In this paper, we propose a method for extracting features for the BAM-based object recognition from video images
in a format suitable for BAM processing. By using the proposed method, when the intersection over union (IoU),
which is the accuracy index of bounding-box estimation, is 0.444, the object recognition accuracy of the BAM is

54.36%.
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